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[4] Li, Junnan, et al. "Blip: Bootstrapping language-image pre-training for unified vision-language understanding and generation." ICML 2022.
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% Explanation Bottleneck Models (XBMs)
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Algorithm 1 Training of XBMs

Require: Training dataset D, vision encoder h.;, text decoder gy, classifier fg, pre-trained parameters

(1, dp, 0p), training batchsize B, step size 7, trade-off parameter A

Ensure: Trained models (hy, g4, fo)
1: 0«0, ¢ ¢p, Y, # Initialize parameters
2: while not converged do

3 {@ Y}, ~D _
4: {e;,}? — {g(mera,te(gp,hp(;t:‘))]:gB # Generating reference explanation
5. {é°}E « {g_sampling(gy, hy(2?))}P  # Gumbel-softmax sampling
6: # Computing batch-mean losses
B iy a1 4
7. LB « %ZiﬁlfCE(fe(hm(ﬂf),ﬂ),y)
8: Ri?]t « % > i1 Lcr(gs o hy(z?), ‘3;)
9: # Updating parameters through backprop.
10 O+ 60— ?}Va(ﬁgs + A'R;Et)
1 ¢ ¢ —nVs(La +ARE)
122 0 —nVy,(LE + ARE,
13: end while
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