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Motivation | Multi-modal CoT with LVLM

❖ Large Vision-Language Model (LVLM) is a multi-modal LLM, which 

integrate visual input into token space, e.g., Gemma-3, Qwen2.5-VL

❖Multi-modal Chain-of-Thought (CoT) enhances LVLMs’ multi-modal 

reasoning capability by output via rationale from image and query
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Challenge | Ignorance of Rationale in CoT
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Method | Rationale-Enhanced Decoding
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Method | Rationale-Enhanced Decoding

❖ Reformulating CoT as reward maximization on rationale-conditioning

❖ Closed-form Solution: Power-of-Expert (PoE) 
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Results | Proof-of-Concept by 

Intervention

❖RED successfully enhances the dependency on the rationale 
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Conclusion

❖Rationale-Enhanced Decoding (RED)

▻ An optimal, plug-and-play decoding method for LVLMs to harmonize visual and 

rationale information by PoE of image- and rationale-conditional distributions 

▻ Opening a new direction to improve the faithfulness of LVLMs by decoding

❖Personal Tips for Top-Venue Submission

▻ Solve real-world problems (≠ existing problems)

▻ Start from the simplest research question and method

▻ Read a lot and Write a lot (You CAN’T outsource your curiosity to LLMs)
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